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Abstract
This paper looks into how artificial intelligence (AI) can help improve cybersecurity practices in terms
of their performance, challenges, ethical implications and future outlooks. It is expected to appraise how
AI-driven tools can likely to ward off increasingly complex cyber threats without impairing the security-
versus-privacy dialectic. The study focuses on the growing sophistication of cyber-attacks and the
inability of the conventional security systems to deal with the current digital environment. The research
method was a quantitative research and data obtained by the aid of a structured and closed ended
questionnaire that was administered to a purposive sample (n of 100). They were IT professionals, AI
and cybersecurity researchers, workers in technology and finance departments and graduates of
computer science in advanced level. Material was gathered with the help of an online survey and was
processed by means of IBM SPSS (Version 28). All the findings or results were interpreted using
descriptive and inferential statistics and visual tools like bar charts and pie graphs. The findings expose
a high degree of accepting and understanding about the use of AI-enhanced cybersecurity among
experts. About 70 percent of the responds indicate that they have agreed that AI can help greatly in
detecting threats to a large extent than traditional techniques. Behavioral analytics, phishing
protection, and real-time detection of threats were spotted as the most well-known applications. On the
other hand, some of the most reported concerns were associated with high implementation costs, data
security, shortage of skilled professionals and hostile AI risks. Although 75 percent of the participants
felt that the AI tools were practical, most of them emphasized that it is essential to maintain a human
and AI relationship as opposed to automation. Respondents advocated a higher level of AI regulation
and the need of explainable and ethical AI systems. This research can be relevant to many practitioners
in the field of cybersecurity because it can provide new knowledge and practical information about how
AI can be applied in the field of cybersecurity. Combining a technical analysis with the ethical
assessment, it can become a part of the existing discussion around the ethical and efficient approach to
implementing AI in cybersecurity infrastructures. The study stresses the need to keep pushing
innovation, regulations, and cross-species collaborative systems to maintain healthy defense against the
ever-changing environment of threat.
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INTRODUCTION

The high rate of the development of digital
technologies modified the activities of the individuals,

corporations, and states where people could obtain an
array of new conveniences, efficiencies, and
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connectivity. Nevertheless, this digitalization has also
resulted in the appearance of serious cybersecurity
threats, where cyber threats are becoming more
advanced and widespread. As organizations and
individuals create, store and pass a huge amount of
sensitive data, securing the information against
malicious users is an important issue. Conventional
cybersecurity solutions, which are usually dependent
on rule-based frameworks and human relationship,
have been finding it hard to cope with the dynamism
and ever-growing cyber threat environment [1]. As a
reaction, artificial intelligence (AI) has become one of
the game-changers regarding cybersecurity through its
developed features on threat detection, prevention,
and response. The machine learning, deep learning,
natural language processing, and behavioural analytics
facilitate the implementation of security frameworks
by providing real-time protection against cyber-attacks
and adapting to emerging and previously unseen
threats with the help of AI-driven cybersecurity [2].
Cyber-attacks become more complex and frequent, in
which case intelligent and more resilient security is
urgently needed. Advanced criminal methods
including use of zero-day attacks, polymorphic
malware, ransom ware and social engineering attacks
which usually circumvent the traditional security
systems are typically deployed by the cybercriminal [3].
Also, the use of Internet of Things (IoT) devices, cloud
computing, and decentralized networks have
significantly increased the attack surface and
cybersecurity has never been more difficult. There is
not enough efficiency of the traditional signature-
based detection based on well-known threat extracts
against new attack vectors. It is this weakness that
makes it imperative to have AI-drived cybersecurity
systems that can use large volumes of data and identify
anomalies and forecast possible attacks before they
occur [4]. The automated cybersecurity solutions with
the inclusion of AI create a potential to transition shift
to proactive defensive measures and thereby reduce
risks, as well as guarantee successful data protection.

Handling huge amounts of data at hitherto unseen
rates of speed is also one of the biggest positive
attributes of the use of AI in cybersecurity. AI systems,
unlike human analysts, are able to trace suspicious
activities in the network traffic, user actions, and
system logs in real time since they are not hampered by
the vast size of security alerts [5]. Machine learning
algorithms are able to identify minor deviations of
normal behaviour and report possible intrusions that
would be otherwise unnoticed. As an example, AI-
based security systems may detect abnormal login
attempts, unauthorized requests to the database, or
abnormal data transfer and react accordingly to stop
further attacks [6]. Moreover, AI complements threat
intelligence, as many sources of information are
integrated and correlated to help security teams
identify emerging attack patterns and restructure their
security systems to deal with them.

The most crucial use of AI in cybersecurity is fighting
phishing and social engineering attacks since they are
some of the most widespread and harmful ones. With
natural language processing (NLP), AI-based email
security systems can examine the text, the nuance of a
message, and its context, whereupon it filters out non-
related messages, as well as phishing messages [7]. It is
possible to reduce the chances that attacks will be
successful due to the ability of these systems to notice
telling signs, including spoofed sender addresses,
malicious links, or psychologically abusive language. In
the same vein, AI-based authentication (or biometrics),
e.g., based on the typing patterns, mouse patterns, etc.,
can add value to identity verification, causing failed
impersonation attacks to happen [8]. Artificial
intelligence reduces the chances of human error,
which is one of the most significant factors influencing
security paradigms, and reinforces the overall state of
cyber resilience by automating these detection
procedures.

Despite its transformative potential, AI-driven
cybersecurity is not without challenges. One major
concern is the adversarial use of AI by cybercriminals,
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who may leverage the same technologies to develop
more sophisticated attacks [9]. For example, AI can be
used to automate phishing campaigns, generate deep
fake audio or video for social engineering, or evade
detection systems by mimicking legitimate user
behavior [10]. Additionally, AI models themselves can
be vulnerable to attacks such as data poisoning, where
malicious inputs manipulate the learning process, or
evasion attacks, where slight alterations in input data
deceive the system [11]. These risks necessitate ongoing
research into adversarial AI and the development of
robust countermeasures to ensure that AI-based
security systems remain resilient against exploitation.

There is also the issue of privacy with the growing
operations of AI in cybersecurity. An AI system can
traditionally also need access to large data sets, which
contain personal and sensitive information [12].
Although this information is necessary when training
machine learning models to enhance prevention of
potential threats, it brings up ethical and legal
concerns about information gathering, retention, and
application. Laws and regulations like General Data
Protection Regulation (GDPR) and the California
Consumer Privacy Act (CCPA) are highly demanding
of data management and an organization needs to
weigh the need of security requirements against the
individual right to privacy [13]. Artificial intelligence
governance needs to be transparent, and AI models
attributed, and federated learning and differential
privacy are crucial in ensuring trust and compliance in
applying artificial intelligence in cybersecurity practices.

To the future, AI on cybersecurity will be about the
further development of autonomous security systems
capable of self-learning and adapting to the
environment [14]. With the developments in
reinforcement learning and generative AI, it is possible
that security platforms can automatically run potential
attack simulations, search vulnerabilities and
automatically deploy countermeasures without human
involvement. Global cyber defense could be pushed
even further by introducing collaborative AI systems

that capable of fighting cyber attacks together, where
various security platforms share the gathered threat
intelligence in real time thus establishing a common
front against cyber threats [15]. To realise this vision,
however, cybersecurity professionals, AI researchers,
policymakers and industrial stakeholders will have to
continue to collaborate interdisciplinarily to solve
technical, ethical and discussion issues [16].

In conclusion, AI-driven cybersecurity is a paradigm
shift when it comes to data and privacy protection in
the more and more digital world. The power of AI can
help companies to identify and manage threats much
faster, more efficiently, and more accurately.
Nevertheless, AI is likely to be successfully integrated
with cybersecurity frameworks when dealing with its
major challenges, such as adversarial hacks, privacy
considerations, and explainable/ethical AI. With cyber
threats in the ever-changing state, AI will be an
invaluable tool in determining the future of
cybersecurity, making sure that people and
organizations can comfortably travel the digital world
without any complications. The further research and
implementation of security AI-enhanced systems will
play a significant role in protecting sensitive data,
retaining privacy, and ensuring the trustfulness of the
digital era.

Problem Statement

The rapid digitization of businesses, governments, and
personal activities has led to an exponential increase in
cyber threats, with attackers employing sophisticated
techniques like AI-powered malware, zero-day exploits,
and advanced social engineering. Traditional
cybersecurity measures, which rely on signature-based
detection and manual intervention, are increasingly
ineffective against these evolving threats. The growing
attack surface from IoT devices, cloud computing, and
decentralized networks further complicates defense
mechanisms. Additionally, AI-driven cybersecurity
solutions face challenges such as adversarial attacks,
false positives, and privacy concerns, limiting their
reliability. Without advanced, adaptive security
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frameworks, organizations remain vulnerable to data
breaches, financial losses, and reputational damage.
There is an urgent need for resilient, AI-powered
cybersecurity systems that can autonomously detect,
analyze, and mitigate emerging threats while ensuring
data privacy and regulatory compliance.

Objectives of the Study

This research aims to achieve the following key
objectives:

1. To examine the effectiveness of AI-driven
cybersecurity solutions in detecting and
mitigating advanced cyber threats compared to
traditional security measures.

2. To analyze the challenges associated with AI-
based cybersecurity, including adversarial
attacks, false positives, and ethical concerns
related to data privacy.

3. To explore emerging AI technologies such as
machine learning, deep learning, and
behavioral analytics in enhancing threat
detection and automated response
mechanisms.

4. To evaluate regulatory and ethical
frameworks governing AI in cybersecurity,
ensuring compliance with data protection laws
like GDPR and CCPA.

5. To propose recommendations for developing
resilient, adaptive, and transparent AI-
powered cybersecurity systems that balance
security efficacy with privacy preservation.

Literature Review

The Evolution of Cybersecurity Challenges

The revolution in digitalization has brought many
changes in the way data is stored, processed, and
transmitted and given a rise to exponential growth in
the number of cyber-attacks. Conventional methods of
cybersecurity like firewalls, antivirus software,
intrusion detection system are meant to defend digital

resources and have done so over the past few decades.
Nevertheless, these approaches are a condensed affair
on pre-determined rules and signatures and are not
effective against new and advanced attacks [17].
Cybercriminals constantly update their methods and
use such advanced techniques as zero days or
polymorphic malware and BOT attacks involving AI
that can avoid traditional protective measures. The
increase in the sophistication of cyber attackers
requires more flexible and smarter solutions and
artificial intelligence (AI) is introduced to cybersecurity
systems.

Recently, increased dependency on cloud computing,
IoT devices, and the adoption of decentralized
networks have only broadened the attack surface thus
enhancing the exposure of the organization to
breaches. Older security systems are failing to track
and safeguard these wide-ranging, multi-level
environments with near-real-time capability.
Furthermore, security operations that involve human
interaction and response like preset threat analysis and
response are subject to failures and stalling [18]. Such
shortcomings mount the urgency to have the method
of AI driven cybersecurity capabilities that are able to
automatically identify a threat, analyze it, and resolve it
with more speed and accuracy.

AI in Threat Detection and Prevention

Machine learning (ML) and AI have transformed the
detection of threats by allowing the systems to become
knowledgeable and use past data to discover shapes
that need to be associated with threats. In comparison
to classic signature-based detection, the AI-powered
security tools employ an anomaly detection capability
in identifying abnormalities in the system activity,
which represents an effective defense against unknown
threats [19]. As an example, supervised learning
models could be used to categorize the data in the
network traffic into benign or malicious traffic,
whereas unsupervised learning methods would detect
abnormalities which could denote an attack.
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AI-based behavioral analytics is an important feature
in detecting insider threats and advanced persistent
threats (APTs). AI systems have the potential to
identify minor anomalies by continuously monitoring
activities of the users, including unauthorized access
attempts, or data transfers, and initiate automatic
responses [20]. Deep learning models and specifically
neural networks can identify malware based on the file
structure, as well as the behavior that it executes in the
system even in the case when the attacker employs
tricks to obfuscate the malware. More to that, AI
enhances the capability of agencies to detect phishing,
assessing the contents of the email, the actions of the
sender, as well as the links contained in an email,
which minimizes the effectiveness of the social
engineering attacks.

AI in Automated Incident Response

Automated incident response is one of the main
benefits of AI-based cybersecurity since it can shorten
the gap between the identification of a threat and its
elimination. SOAR systems use AI to interpret security
alerts, rank the incidents according to their criticality
and perform pre-determined counteractions. Such
automation will reduce the potential to depend on a
human, as security teams will be able to be engaged at
the strategic level and do not have to complete routine
jobs [21].

Simulation of adversarial behaviors through AI-driven
systems to identify system vulnerabilities to predict
possible attack vectors is also possible. Predictive
analytics allows an organization to have a repair of the
weak points prior to it being exploited [22]. Moreover,
AI also improves forensic analysis as it can match the
data across several sources, can restore the timeline of
the attack, and can pinpoint the threat to this or that
threat actor. The capabilities are crucial in enhancing
the response to cyber incidents and their recovery by
an organization.

Challenges and Limitations of AI in Cybersecurity

Although it seems that AI-driven cybersecurity has a
transformative potential, it encounters a number of
challenges. The first one is the so-called adversarial AI
where cybercriminals can act on machine learning
models to avoid detection [23]. Data poisoning, model
inversion, and evasion attacks belong to the set of AI
system vulnerabilities and cause inaccurate outcomes
in the form of false negative or misclassification. The
protection against such adversarial attacks implies
constant retraining of the models and the use of
strong anomaly detection systems [24].

The other difficulty is that AI-based security systems
produce a large amount of false positives. The
detection models will become over-sensitive and may
alert the security personnel about benign activities as a
threat [25]. The process of minimizing false positives
which do not typically achieve high detection accuracy
is an ongoing research. Moreover, AI models need
extensively large amounts of the high-quality training
data, which is not always present or may be biased in
certain ways influencing performance [26]. It is vital to
provide impartiality and pinpoint on the AI-based
cybersecurity to assure the trust and efficiency of its
applications.

Ethical and Privacy Considerations

Ethical and privacy concerns present issues associated
with using AI in cybersecurity. AI systems also tend to
need sensitive data, such as personal and corporate
data, in order to work [27]. Although this information
is vital in training and enhancing threat detection
models, this information presents threats related to
unauthorized access and misuse. Data handling
regulation like GDPR and CCPA has severe
requirements that require privacy-conscious AI
methods.

Another essential consideration is explainable AI
(XAI), and most AI models, especially deep learning
systems, are known as black boxes. The interpretable
models are required to provide a better insight into
decision-making process and reassure that the legal
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standards are met by security professionals and
regulators [28]. Federated learning and holomorphic
encryption are methods through which an AI system
can read through data and not disclose raw ones, a
trade-off between privacy and security.

Future Directions in AI-Driven Cybersecurity

The future of AI use in cybersecurity has to do with
developing the autonomous and self-learning defense
systems that could utilize real-time adaptive capabilities.
Dynamic threat response without human interaction
could be carried out using reinforcement learning, in
which AI learning agents explore appropriate security
solutions to face the threat using trial and error
[29,30,31]. Cyber-attacks can also be simulated on
generative AI, such as large language models (LLMs) to
predict vulnerabilities and produce defensive solutions.

Group AI system Ecosystems: around the world,
groups of organizations have access to real-time threat
information which may increase the resilience of
global cybersecurity. Blockchain technology can also be
used to further protect the AI-driven systems through
secured integrity and keeping of data untouched.
Nevertheless, in order to realize such advancements, a
cross-disciplinary approach of cybersecurity researchers,
AI researchers, policymakers, and other stakeholders
of the industry is necessary to cover areas of technical,
ethical, and regulatory challenges [32,33,34].

Sum up the section

Artificial intelligence in cybersecurity is one of the
advances made in safeguarding data in the digital
space amid changing risks. With the use of machine
learning, behavioral analytics, and automating, AI
improves detection of threats, response to an incident,
and predictive defense. Nevertheless, the issues of
adversarial threats, false positives, and privacy should
be solved to fully exploit the capability of AI. The next
generation of cybersecurity solutions will be influenced
by the development of autonomous security systems,
explainable AI, and collaborative threat intelligence in
the future. With cyber threats becoming more and

more sophisticated, AI will always be a necessary
solution in this fight to keep data and privacy, in the
digital era.

Methodology Section

This paper has adopted a quantitative research design
which will be used to study systematically and critically
the online perceptions, awareness and adaptations of
AI based cybersecurity with professionals and students
in related subjects. Quantitative methodology was
selected due to its objectiveness and the ability to
come up with a generalizable outcome with the help of
the numerical data. In order to accommodate
consistency, responses that were measured, the survey
instrument contained closed-ended questions only.

The intended audience of this study included people
who had any practical or theoretical observation of
cybersecurity practice, especially in the form of
artificial intelligence tools. This involved IT
professionals and cybersecurity specialists, computer
science professors and researchers with an interest in
AI or cybersecurity, workers of technology or financial
organizations managing data protection, or graduate or
final year computer science students that had taken at
least one course on cybersecurity. The groups were
chosen due to their practical or theoretical knowledge
of the cybersecurity systems, thus their input is valued
to the research purpose.

Purposive sampling technique was utilised whereby
100 participants were identified with a caveat that only
the respondents with the relevant expertise or
exposure were invited to participate. The
questionnaire in form of a survey was sent via
academic, professional, and institutional networks, as
structured. It was ensured that a pilot test on a small
sample of respondents was carried out before the full
launching of the survey to ascertain whether the survey
items were clear and relevant. According to the
feedback given in the pilot, a few modifications were
carried out to strengthen the understanding and
accuracy.
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The data were collected in two months via a locked
web-based environment. The survey was organized into
categories referring to the demographic information,
the awareness of AI in cybersecurity, usage trends,
effectiveness, challenges, ethical implications, and
prospects. Automatic recording of responses was done
to reduce the occurrence of human error and the
accuracy of data collected.

IBM SPSS Statistics (Version 28) helped to analyse the
collected data. Responses of the participants were
summarized using descriptive statistics in the form of
frequencies and percentages. Visual aid such as bar
charts, pie charts and donut charts were applied to
provide illustrations on major trends. In applicability,
the cross-tabulation methodology was employed to
infer a relationship between two variables as in the
case of the educational background and the assigned
effectiveness of AI. Depending on nature of the data,
inferential statistical techniques like chi-square tests
were ready to be tested in case one of the hypothesis is
accepted in a test. The study and research transgressed

ethical considerations to the latter. Everyone involved
made informed consent, was promised that the
answers are considered anonymous, and was told that
they could stop the experiment at any point without
any penalties. There was no information on any kind
of personal identifier and all the data were safely
stored. The research study was conducted according to
the ethics of institutional research and treated all the
subjects well and with respect.

Data Analysis

Data Analysis is the exercise of examining, cleaning up
and altering data to unravel valuable information,
patterns and trends. With the help of statistics,
visualization techniques and the machine learning it
applies the model of making decisions based on data.
Data analysis is used to optimize efficiency, extrapolate
and determine an optimal solution to difficult
problems by businesses, researchers and governments
alike. Innovation in any industry may be driven by
data analysis through everything on the spectrum,
including Excel, Python, and sophisticated AI models.

Demographic Breakdown

Role Frequency Percentage

IT Professional / Cybersecurity Expert 40 40%

CS Faculty / Researcher (AI/Cybersecurity) 25 25%

Tech/Finance Employee (Data Protection) 20 20%

Graduate/Final-Year CS Student 10 10%

Other 5 5%

The data contains a demographic analysis of the
respondents on basis of their work in life. This is then
followed by the highest number of respondents who
belong to the field of IT professionals and
cybersecurity experts, with a percentage of 40. Next
comes computer science faculty members or AI and
cybersecurity researcher at 25%. A further 20 percent
operates in the technology or the finance arena mostly

doing data protection jobs. Students with a degree or
in their last year of study of computer science make up
10% whereas the rest of the 5% contain the category
of Other and these positions might not be clearly
stated. The mudmap on this distribution shows the
significant proportion of career professionals and
scholars in the fields of IT and cybersecurity combined
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with fewer and significant proportions of students and
practitioners.

The statistics indicate a wide variety of professional
experience among the interviewees. There are the
largest number (30%) of people with 1-3 years of
experience, which shows that there is a high
percentage of young professionals in the workforce.
The second largest segment of 25 percent consists of
those with 4-6 years of experience followed by 20
percent of respondents with 7-10 years of experience
indicating the strong presence of mid career
professionals. In the meantime, 15 percent of the
responding population has less than a year of

experience most probably newcomers or trainees.
There were only 10 percent who gave answers higher
than 10 years of experience, and it means highly
experienced professionals are a small yet valuable
sample. Generally there is a good blend of new
professionals and established careers which is
represented in the distribution since most of them
(75%) are under the 1-10 years experience category.
This implies a group of workers that is yet to be
mature but with large working experience.

Industry
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The statistics point out the industry background of
respondents in different industries. The largest sample
represents technology and software, with the rate of
50%, which means that IT, cybersecurity, and other
related professionals dominate. Finance and banking
come next with 20%, which perhaps indicates the
increased need to protect the data in the field of
financial services and their security. As we can see, 10
percent is given to both healthcare and
education/research, so the participation of these
segments can be regarded as moderate and noteworthy

perhaps because of the rising digitalisation and
integration of AI. The government/defense and other
industries have meanwhile registered 5% each
meaning there is a niche though specialized
involvement. Along with the emphasis on the
popularity of the tech-involved industries in the survey,
this distribution reflects the cross-sectoral applicability,
especially in the areas of finance, healthcare, and
academia. The small proportion of government and
defense could be related to a low accessibility option,
or a very selective sample of respondents.

Highest Education Level

Education Level Frequency Percentage

Undergraduate Student 10 10%

Bachelor’s Degree 30 30%

Master’s Degree 40 40%

PhD/Doctorate 15 15%

Other 5 5%
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Education profile of respondents shows high level of
qualified personnel with 40% having a master degree
making it the biggest group and this shows how
specialized is the knowledge needed in this field. The
second-largest group and the one most likely to be
emblematic of individuals in early career or technical
jobs is composed of people with bachelor degrees, as
this figure consists of 30 percent of the entire sample.
There are 15% of PhD/Doctorate and 10% of
undergraduate students, which indicates a strong
research-based group, and people who are still in
various phases of training may be marginally involved.

They are mostly represented by a small percentage,
(5%) under Other, which could refer to diplomas, or
other non-traditional qualifications. Interestingly, 85
percent of respondents have at least a bachelor degree,
and 55 percent of the respondents have advanced
degrees (master degrees or above), which shows that
the one chosen to fill out the survey is the educated
population with high levels of formal education. Such
distribution is consistent with technical and research-
intensive spheres such as AI and cybersecurity where
higher education is usually correlated with expertise.

Section 1: Awareness & Perception of AI in Cybersecurity

The survey shows a high level of knowledge about AI-
based-driven cybersecurity solutions to the respondents.
Answering yes-or-no questions, altogether 80 percent
said they were at least a little acquainted with such
technologies, with the 35 percent saying that they were
quite conversant with them, thus suggesting a good

backbone of specialists who are well versed in
cybersecurity applications of AI. The most significant
portion (45%) is in the segment of being somewhat
familiar, and this implies that it is widely spread means
of getting to access these solutions, in any case, at a
lower level. However, 15 percent stated that they were

https://portal.issn.org/resource/ISSN/3006-7030
https://portal.issn.org/resource/ISSN/3006-7030


ISSN (e) 3007-3138 (p) 3007-312X

https://sesjournal.com |Sultan et al., 2025 | Page 863

not very familiar, whereas only 5 percent were not
familiar at all, which amounted to a minority that was
poorly aware. The allocation of AI-driven cybersecurity
into this professional group also implies that a wide
range of expertise in this category is accepted among
the professionals in this field. The high familiarity
rates (especially the 35 percent who were either very
familiar or extremely familiar) more likely than not
correlate to the preceding demographic data in the

same survey (where 40 percent were Masters degrees
holder and 40 percent were in the technology /
software field) affirming the adoption of higher
education and exposure to the field, as the drivers of
awareness. To organizations, such findings imply that
ground knowledge is evident but specific training
would continue to fill the gaps of the 20 per cent of
lesser familiar respondents.

AI improves threat detection vs. traditional methods

The poll shows massive trust that AI is the way to go in
terms of detecting threats over manual ways. The most
surprising fact is that 70 percent of the respondents do
actively support this opinion and 40 percent strongly
support the statement that AI enhances cybersecurity
results and 30 percent responded that they agree that
this is the case. This overwhelming positive feeling
represents a common understanding in the
professional world that the threats can be successfully
detected and reduced with the help of AI and its
enhanced capabilities. There are nearly 20 per cent of

those who indicate that they are neutral, perhaps they
are practitioners who are not dismissing the potential
of AI, but await greater evidence, or are concerned
about implementation difficulties.

The figures who do not share this worry are citizens in
a small minority, with only 7 percent disagreed and a
mere 3 percent strongly disagreed, perhaps implying
the idea that the uncertainty of the effectiveness of AI
is not common among this technologically advanced
populace. Such a high agreement (70/10) goes in line
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with the previous findings of the survey, as 80%
mentioned that they were at least somewhat familiar
with AI cybersecurity solutions and 40% were Master-
level degree or above. This implies that experience and
learning go hand in hand with greater trust on the
benefits of AI.

These findings have significant implications: there are
welcoming audiences that organizations can target

regarding the adoption of AI security, but the neutral
group of 20 percent can be helped by case studies
proving measurable results. This small resistance (10%)
would point to the lack of implementation difficulties
that would be based more on practical rather than
ideological opposition to the change within this
professional cadre.

Most known AI applications (Multiple responses allowed)

Application Frequency Percentage
Anomaly detection 70 70%
Behavioral analysis 55 55%
Automated threat response 50 50%
Phishing detection 60 60%
Predictive threat intel 40 40%
T

he survey shows that there is a high level of exposure
to various AI applications related to cybersecurity
(several responses show particular patterns of
professional awareness). The most notable use case is
an anomaly detection with 70 percent of respondents
citing it; the rationale behind this is that this use case
is core to detecting abnormal network trends. Phishing
identification comes right behind at 60%, and the
extent of threats about social engineering attacks
coupled with the increased involvement of AI in

email/content filtering. Systematically analyzing
individual behavior (55%) and automatic reacting to
threats (50%) have almost the same recognition rate,
meaning that professionals are equally interested in AI
possibilities in tracking users activity patterns and
other forms of automated reaction to threats. The
somewhat reduced level of visibility of predictive threat
intelligence (40%) can reflect its specialised character
or the same level of immaturity as other applications
that are relatively established.

Section 2: Adoption & Effectiveness

Does your organization use AI cybersecurity tools?

Response Frequency Percentage

Yes, extensively 25 25%

Yes, but limited 35 35%

No, but planning to 20 20%

No, and no plans to 15 15%

Not applicable 5 5%
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According to the survey results, there is a substantial
momentum in the organizational adoption of
solutions to the organization of AI-powered
cybersecurity; however, its mmaturity differs
significantly. Today, 60 percent (three-fifths) of the
organizations have adopted them to some extent, out
of which 25 percent organizations use them extensively
in many operations and 35 percent organizations use
them in restricted test purposes or certain use
situations. Such an adoption picture provides an
indication that although AI has achieved huge
momentum in the field of cybersecurity, there is a high
percentage of adoption that is still in a transitional
stage as opposed to a representational deployment.
The future looks bright on the other hand, with an
extra percentage of 20 being actively planning to use
AI solutions, signifying the possibility of massive

expansion in the medium term which may raise the
adoption rates to 80 per cent of surveyed
organizational entities. There is however a
considerable 15 percent of respondents who had not
made plans to adopt such technologies which can be
either distrust of its effectiveness or possible inhibition
to its implementation. These adoption trends very
much indicate that the use cases of AI are highly
effective in threat detection as perceived by the
respondents and this is likely fuelling adoption out of
an organization. The findings create a landscape of an
industry that is on the brink of change and belief, and
AI capabilities are being tested and scaled actively, and
there is more room to educate and highlight the
evidence in the form of cases to handle the needs of
both pioneers and organizations that are less willing to
jump on the bandwagon.

Effectiveness of AI tools in preventing attacks

Response Frequency Percentage

Very effective 30 30%

Somewhat effective 45 45%

Neutral 15 15%

Not very effective 8 8%

Not effective at all 2 2%

The survey evidence displays relatively strong attitudes
of positive perceptions associated with the results of
AI-powered cybersecurity tools against crashing.
Seventy five percent of the respondents perceive such
solutions to be effective to an extent; 30 percent
consider them to be very effective, with 45 percent

being classified as fairly effective. It means that,
although the overall sentiment is hopeful, people in
charge of cybersecurity are cautious of the protective
potential of AI. A smaller group (15) is neutral, which
may indicate those who require further proof or have a
limited first-hand experience with such tools. It is
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noteworthy that 10 percent of respondents shared
their negative impressions of the effectiveness of AI,
most of them (8 percent) expressed the opinion that
the tools are not very effective, only 2 percent of the
respondents claimed that the tools are not effective at
all. This implies that the majority of professionals
realize the usefulness of AI in preventing attacks, but
there is still a way to enhance the performance of such
tools and the strategy of their application. The very
high positive evaluation (75% effective ratings) is
similar to what surveys have been reporting over time

about the high rates of adoption and the firm beliefs
in AI having more benefits than old ways of doing
things. Nevertheless, the major share of the somewhat
effective (45%) compared to the very effective (30)
responses are perhaps due to the fact that although AI
tools have been finding their usefulness, many
organizations are still to utilize their full potential in
actual security practice. These results reveal not only
the existing popularity of AI in the sphere of
cybersecurity defense but also the necessity to enhance
and work out these technologies even further.

Biggest challenge in adopting AI for cybersecurity
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According to the survey, some of the prominent issues
that organizations have to contend with when
implementing AI-powered cybersecurity solutions
include financial and human resource limitations,
which have been recorded as the greatest impediments.
High implementation cost is the dominant barrier
because 30 percent of respondents mentioned this
issue which implies that AI systems are quite a large
investment in terms of software, hardware, and
infrastructure. Immediately next is the shortage of
talented workers (25%), where there is a serious
shortage of professionals being able to create,
implement and maintain AI based security tools.
Collectively, these two challenges comprise over half of
the reported adoption obstacles which is an indicator
that the two issues are major concerns of organizations
in terms of adoption.

The issue of data privacy is the next concern that
justifies 20 percent of respondents, because AI systems
need to access proprietary data to train and perform
the necessary tasks. In the meantime, technical issues

are also of interest, where 15 percent of people cite
false positives/negatives (a potential problem with
machine learning-based detection) and 10 percent
report integrating problems when introducing AI tools
into the existing security models.

The results show that although the use of AI in
cybersecurity is on an increase, there is need to focus
on cost, talent gap as well as trust issues in order to
support its successful deployment. The findings are
consistent with the findings shown in a previous
survey where most organizations are actively using AI
to a small degree (35%) rather than the percentage of
organizations that have had engagements on AI to
significant degrees (25%), as this issue could be
delaying the maximised rollout of AI. To be more
generally adopted, such solutions can be cost-effective
AI solutions, upskilling programs, and more volume
independence of model transparency in order to
address the resistance against privacy and accuracy
issues.

Section 3: Risks & Ethical Concerns

Does AI introduce new risks (e.g., adversarial attacks)?

Response Frequency Percentage
Yes, significantly 40 40%
Yes, but minimally 35 35%
No 15 15%
Unsure 10 10%

The survey shows that there is extensive awareness
among cybersecurity experts to AI and how it poses
new threats, especially adversarial attacks, but that
awareness runs along a continuum of perceptions of
hazardousness. Even quite remarkably, 75 percent of
respondents recognize the risk of AI, with 40 percent
believing it to be large, and 35 percent viewing it as
small, which is to say that although a vast majority of
respondents recognize AI as a possible security liability,
there is a big difference of opinion as to whether this

is a big or a small issue. The number of people who
reject the concept of AI opening new vulnerabilities is
minimal (15%), and even 10% believe they are
unaware (however, there is no definite evidence that
could convince the professionals), signaling that there
is neutral knowledge or insufficient information
among some of these practitioners.

This evidence showcases the interesting paradox of AI
cybersecurity adoption: although organizations are
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increasingly turning to the use of AI in threat
detection and prevention (as demonstrated in prior
adoption figures), the same people are highly attentive
to the fact that AI can be used in weaponisation and
exploitation. This percentage (40 as a significant risk)
of respondents who see risks of AI as significant might
be explained by increasing awareness of adversarial
machine learning, data poisoning or machine-based
attacks with the potential of breaking established
defenses.

Such risk awareness resonates with the earlier
responses of the survey with regard to the use of false
positives/negatives (15%) and of data privacy (20%)
claiming that even professionals are balancing the
advantages and the weakness of AI. This highlights
how testing, adversarial training and risk mitigation
strategies are needed in addition to AI deployment in
organizations. The fact that 10 percent of the
participants chose the option of being uncertain in the
nature of threat AI also indicates that it was a gap in
the knowledge, which could be filled through
education.

Concern about AI violating user privacy

Response Frequency Percentage
Very concerned 25 25%
Somewhat concerned 40 40%
Neutral 20 20%
Not very concerned 10 10%
Not concerned at all 5 5%

Combined with the above biological concerns over the
use of AI, the survey also highlights a significant level
of concern that cybersecurity professionals have
regarding the benefit of AI to the privacy of users and
indeed a huge majority noted more or less
apprehension in this area. Sixty-five percent of
respondents raised concerns with being worried (25
percent claim to be very concerned and 40 percent
quite concerned) that privacy risks must count as an
important factor which influences the adoption of AI
in cybersecurity. This great degree of concern is
probably caused by the data thirsty characteristic of AI
systems, which usually includes the tutorial and
functionality of sensitive user data. With a smaller, but
nonetheless important percentage of 20, respondents
say they are neutral, perhaps indicating professionals
who recognize the risks posed by privacy, yet who feel
that this can be controlled with appropriate safeguards.
Only one in six respondents felt minorly concerned

(10% said they were not very concerned and 5% not
concerned at all), and this minimal interest in
dismissing the AI privacy risks fully is uncommon
among these practitioners.

These results are consistent with previous survey
results indicating two out of ten respondents reported
data privacy as the major adoption obstacle and why
40 percent acknowledged that there were great new
risks with AI. The findings stress that, although the
security opportunities provided by AI are strong,
companies need to focus on solving the problem of
data privacy via transparent data handlings, strong
anonymization, and adherence to regulations to
preserve user confidence. The differences between the
highly concerned (65%) and unconcerned (15%)
groups can also be seen as a difference in
organizational perspective on the treatment of data or
in the extent of exposure to cases involving privacy
sensitive use cases.

Should there be stricter AI regulations in cybersecurity?
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The survey data proves that there is nationwide
popularity in the aim to introduce more stringent
regulation in cybersecurity, with an 80-percent positive
rate of the surveyed people arguing in favor of more
strict control, half of which are firm in their support of
the idea. This agreement is evidence of the increasing
appreciation of the dual nature of AI in security uses
as, on the one hand, its transformative possibilities in
threat detection and response are realized, on the
other side, new vulnerabilities, privacy issues, and
difficulties around implementation emerge, potentially
needing state intercession. The rate of support (95%
in favor, 5 percent opposed) is close to unanimous
given that the cybersecurity community sees the
government oversight of the structured form as a
necessary step to reduce the risk of such adverse events
as adversarial attacks or loss of privacy of personal data

and vulnerabilities in systems that have already been
revealed in the previous survey. The statement
contributes to the sentiments reported by respondents
regarding the emerging threats of AI (75% admitted
that there are new risks), as well as privacy implications
(65% expressed concerns). It reflects the desire of
professionals to pursue proactive policymaking related
to AI, which would enable them to manage innovation
in a way that is both balanced and secure, and with
ethical concerns in mind. The conclusion basically
gives a definite task to policy makers to come up with
sophisticated policies which can ensure that the
implementation obstacles are avoided without losing
the security advantages that AI brings in and this may
include standardization, transparency, and risk
management frameworks centered on the preservation
of cybersecurity applications.

Section 4: Future of AI in Cybersecurity

Will AI replace human analysts?

https://portal.issn.org/resource/ISSN/3006-7030
https://portal.issn.org/resource/ISSN/3006-7030


ISSN (e) 3007-3138 (p) 3007-312X

https://sesjournal.com |Sultan et al., 2025 | Page 870

Response Frequency Percentage
Yes, completely 10 10%
Partially 60 60%
No, only as support 25 25%
Unsure 5 5%

The survey paints a complex picture of the usage of AI
in the future of cybersecurity since the majority of the
professionals do not expect replacing human
involvement with AI but, instead, an intertwined
human-AI relationships. Overall, an overwhelming
majority of respondents think that somewhere
between artificially intelligent machines and human
analysts, there will always be a role of human
involvement in some specific tasks but the thought
process of the human analysts will be partially
automated, with a bare majority of about 60 percent
perceiving such a machine as the partial substitute of
human analysts. It complies with the existing practices
in the industry where AI is used to recognize patterns
and perform basic monitoring processes so that
analysts concentrate on the strategic leveling of the
threat. Replacement is foreseen by only 10 percent,

probably gleaned by a belief that sophisticated AI
would one day be able to replicate human judgment.
Meanwhile, a quarter of them see AI as a mere support
tool, focusing on the invaluable human abilities such
as the capacity to interpret the situation and engage in
ethical rather than economically motivated reasoning.
The low proportion of unsure answers at 5% shows
that majority of professionals have made structural
views about this changing relationship. These results
are highly associated with previous data, relaying fears
regarding the lack of AI (false positive/ false negative,
privacy issues) and lead us to believe that the
cybersecurity industry is on its way to implementing a
hybrid workforce where AI does little more than
complement human knowledge.

Top focus area for AI in cybersecurity (next 5 years)

Area Frequency Percentage
Real-time threat detection 35 35%
Automated incident response 30 30%
Deepfake/social engineering defense 20 20%
Zero-day attack prevention 10 10%
Regulatory compliance automation 5 5%

The poll identifies obvious priorities in developing AI
in cybersecurity during the next five years, where real-
time threat detection turns out to be the leading
priority (35 percent of respondents). This comes in
line with the essence of AI which is the ability to
process huge amounts of data to detect anomalies
quickly than human analysts. Automated incident
response (30%) is close and signifies the efforts that
the industry makes to make the response time shorter
and more effective through AI-powered containment

and remediation procedures. We have a large minority
(20%) interested in deepfake and social engineering
protection, reflecting the increasing fears around AI-
enabled disinformation and attacks through phishing
where weaknesses rely more on people than on
technology. In the meantime, less prioritized are the
prevention of zero-day attacks (10%) and automation
to meet regulations (5%), which implies that they may
need more specific AI solutions or be considered lower
priority than direct business demands.

Confidence in AI securing data in the future
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The survey data shows reserved hope concerning the
prospect of AI in data security, as 70 percent of the
professionals showed confidence (20 percent stated as
very confident and 50 percent indicated as confident)
in the future of AI in safeguarding sensitive data. This
majority approval is an indication of increasing
confidence in the current abilities and its potential to
perform the increasing number of tasks that AI can
conduct as seen in the previous sections on the survey.
But with distribution, things are tempered
expectations unless one is being quite confident- 50
percent of the people are moderately confident and
only one in every five people are extremely confident
which speaks to the reality that most professionals will
believe that AI would serve to enhance data security
yet may not be the sole solution. The numbers that
seem agnostic or that might be awaiting some
additional advance in technology or practical use are
20 percent, and the few but not insignificant 10
percent who express lack of confidence (8 percent who
are not confident and 2 percent not confident at all).

Such cynicism can be explained by the doubts
regarding the weaknesses (e.g., adversarial attacks, false
positives) or the inability to react to new and highly
advanced threats.

Discussion

The findings of the survey offer a full scope picture of
the attitude of cybersecurity specialists to the role of AI
in the profession, which is characterized both by tones
of enthusiasm and friendly rather pessimistic realism.
There is a definite understanding of the potential of
AI with 70 and 75 percent of the respondents being
positive on the ability of AI in securing data and
detecting threats respectively in the future. It can be
correlated with high adoption rates noticed and
supported by the fact that 60 percent of organizations
currently use AI tools to a specified degree.
Nonetheless, the more refined disaggregation of
ratings, namely the prevalence of the intermediate
rating choices such as fairly confident and fairly
effective, has shown that professionals position AI as a
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potent yet incomplete instrument that needs to be
monitored by a living human being and improved.

Interestingly, the fears about the weaknesses of AI and
risks exist even on the side of adopters. The fact that
75 percent of the respondents listed new risks, such as
adversarial attacks, together with 65 percent being
concerned about privacy, shows that professionals fully
understand the two-sided nature of AI. Such concerns
probably qualify as one of the reasons why the majority
(80%) expresses the desire to have more stringent
controls to govern AI; some industry representatives
want to find ways to prevent threats without
suppressing innovations. The popularity of human-AI
workflows that involves replacing the role of the
analysts partly in 60 percent and using AI as an
accessory in 25 percent further supports the sentiment
that human analysis can never be replaced when it
comes to complex procedures and making ethical
choices.

Moving into the future, respondents had real-time
threat detection (35%) and automated incident
response (30%) as their major focus areas in terms of
AI development, which correlates with the increasing
urgency between operations and a changing threat
situation. The reduced priorities set on the
automation of compliance (5%) and the prevention of
zero-days (10%) can be indicative of either
technological maturity or placement of strategic
positions on shorter-term dangers. Taken together,
these conclusions become quite depictive of a
transitional industry where AI is no longer optional
but its usage still needs to be balanced as far as
innovation, risk management, and human skills are
concerned. To be widely successful, organizations need
to overcome the cost issues, skill, and trust shortages
to come up with AI solutions that augment human
potential instead of overpowering it.

Conclusion & Recommendations

In the study, the shape of the dynamic environment of
AI cybersecurity was investigated with relations to its
efficiency, issues, and the future of AI-driven
cybersecurity by the opinion of individuals involved
with cybersecurity and AI-connected domains who are
both skilled workers and students. The results indicate
that artificial intelligence is not the hypothetical
technology upgrade any longer, but an effective
instrument having an active influence on the self-
defense systems of contemporary digital environments.
Most of the respondents, including IT professionals,
researchers, technology workers, and graduate students,
showed considerable knowledge of AI tools and a high
level of confidence in their possible use in
cybersecurity with the help of real-time detection of
threats, behavior analysis, and automated response.

Nonetheless, in an earlier statement, the researchers
who conducted the study also revealed serious
constraints in the application and confidence of AI
powered systems. This moves are important drivers
such as, prohibitive cost of implementation, scarcity of
skilled experts, fear of loss of privacy of information
and risk of malicious AI attacks. In combination with
the difficulty of incorporating AI into established
security systems, these challenges indicate that
although AI could be a transformative technology, its
implementation does not come without them. In
addition, issues of false positives, transparency,
regulatory compliance understand why it is important
to have systems that are not only smart but also
explainable and morally correct.

The participants considered maintaining the human
aspect of cybersecurity significant, and the majority of
them expressed that artificial intelligence is not
supposed to become a full-fledged alternative to a
human analyst but a supplement in the arsenal of tools.
It seems that this hybrid pattern is the most
sustainable going forward because AI will be able to
complete tasks heavy in volume and pattern, and
human beings in charge of ethical decision-making,
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strategic thinking, and decision-making in more
diverse contexts.

There are multiple recommendations that can be
made on the basis of these facts. The first step is that
companies should invest in the training and upskill of
cybersecurity specialists to collaborate with AI
technologies successfully. This should not consist of
only technical experience, but it should be with ethical
data handling and AI governance as well. Second,
generative AI tools are need to be created to be cost-
efficient and scalable to allow more people and
companies, particularly, small businesses and state
institutes to use it. Third, more focus should be put on
explainable AI (XAI) and privacy-preserving models
like federated learning, to make them more trustful
and compliant with data protection regulations
worldwide.

Also, the state and global domestic regulatory
organizations must engage the industry leaders to
develop unified regulations and standards on the
application of AI in cybersecurity. These must touch
on performance and ethical protection. Lastly,
adversarial machine learning and risk-reducing
research needs to be conducted continuously to
remain in the lead against evolving cyber threats that
become more advanced than ever.

To sum up, even though AI is not capable of
eradicating cybersecurity threats altogether, it can
effectively enhance digital security once attached in an
intelligent and sensible manner. When applied with
technological breakthrough coupled with human
control and moral accountability, AI may be a
trademark of dynamic and flexible cyber security
systems of the digital era.
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